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Abstract 

The purpose of this study was to investigate the use of English language proficiency and 

academic reading assessment scores to predict the future academic success of English learner 

(EL) students. Data from two cohorts of middle-school ELs were used to evaluate three 

prediction models. One cohort of students was used to develop the prediction equations; the 

other cohort of students was used to evaluate the accuracy of the prediction models. 

Classification accuracy at the total group level was higher than 70% for all models. However, 

classification accuracy was highly dependent upon where the distribution of scores for a 

particular group was in relation to the cut score. Predication accuracy in terms of the difference 

between predicted and actual scores was also used to evaluate prediction models. Prediction 

model accuracy appeared to depend on students’ level of English language proficiency. A 

discussion of how these results could serve a variety of educational and research purposes is 

included. 

Keywords: English learners, English language proficiency, academic proficiency 
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Connecting English Language Learning and Academic Performance: A Prediction Study 

Introduction 

Inclusion of English Learners (ELs) in state-wide testing and accountability became 

mandatory under the No Child Left Behind Act (NCLB, 2001). In addition, NCLB required 

states to conduct annual statewide English language proficiency assessments for ELs in grades 

K–12 in the language domains of listening, speaking, reading, and writing. Although the 

Elementary and Secondary Education Act has not been reauthorized to date, the Common Core 

State Standards Initiative continues to emphasize testing and accountability for ELs.  

Standardized testing of ELs in academic content areas is particularly challenging because 

these students often lack the language proficiency necessary to understand the test content. 

Scores for these students may not reflect their true knowledge and skills if language barriers 

prevent them from correctly answering the questions. Disentangling content knowledge from 

language knowledge on tests of academic content may be difficult to impossible, calling into 

question the validity of inferences that can be made based on test scores.  

Low language proficiency has been considered a barrier to learning and academic success 

at the post-secondary level, where students seeking admission are often required to obtain a score 

on English language proficiency tests indicating that they have enough English proficiency to be 

academically successful. Several studies have evaluated the predictive power of tests of English 

language on future academic success in college (e.g., Ayers & Peters, 1997; Burgess & Greis, 

1970; Hwang & Dizney, 1970; Light, Xu, & Mossop, 1987). However, in the K–12 educational 

system, students are not excluded based on their level of English proficiency. Rather, they have 

the challenge of doing “double the work” (Short & Fritzsimmons, 2007). They must learn 

academic content—and take achievement tests on that content—while they learn English. 
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Accordingly, a number of studies have examined the correlation between language proficiency 

and performance on content assessments in K–12 (Butler & Castellon-Wellington, 2000/2005; 

Francis & Rivera, 2007; Parker, Louie, & O’Dwyer, 2009; Stevens, Butler, & Castellon-

Wellington, 2000). This research indicates that English language proficiency scores are 

significantly predictive of academic reading test scores for K–12 EL students.  However, the 

magnitude of the relationship depends on the content alignment between the assessments and 

characteristics of the populations included in the study. 

The level of English language proficiency needed to be able to demonstrate content 

knowledge on academic assessments is especially important to understand given the continued 

emphasis on testing in federal and state accountability. The Working Group on ELL Policy 

recommends that students’ English language proficiency be taken into account when holding 

schools accountable for students’ academic achievement (Working Group, 2010). To do so 

sensibly, the relationship between students’ English language proficiency and academic 

achievement must be evaluated.  

The purpose of this study was to investigate the use of student performance on English 

language proficiency assessments and academic reading assessments in predicting the future 

academic success of ELs. Reading was chosen as the subject of interest because performance on 

academic reading (in English) tests and English language proficiency are expected to be highly 

related (Garcia-Vazquez, Vazquez, Lopez, & Ward, 1997). Although not included in this study, 

the relationships between other academic content assessments and English language proficiency 

provide an important area for future research.  
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Methods 

The reading component of an English language proficiency test (ELPT) and an academic 

reading test (READ) were selected for the study. Both tests were used for federal accountability 

purposes. As required by NCLB, the English language proficiency standards measured by ELPT 

were aligned with the reading content standards READ measured. Both ELPT and READ 

consisted of selected-response questions that assessed students’ literal, inferential, and analytical 

reading comprehension of a variety of texts. Many of the types of items in ELPT were similar to 

those in READ. In addition, some reading selections in ELPT had comparable text complexity 

and reading difficulty as material presented in READ. Reliability of ELPT scores ranged from 

0.94–0.95. The reliability of READ scores across all students (ELs and non-ELs) ranged from 

0.86–0.89. 

Scores from each test were available for two cohorts of middle-school EL students. 

Prediction models were developed using the data from one cohort of students. The coefficients 

from the development of the prediction equations were applied to the second cohort of students, 

and their predicted scores were then compared with their actual scores as a way to evaluate the 

accuracy of the prediction models. Regression equations were developed separately for EL 

students who took READ with accommodations and EL students who took READ without 

accommodations. Allowable accommodations for eligible ELs included bilingual dictionaries, 

English dictionaries, reading aloud a word or phrase, reading aloud the test item, oral translation 

of a word or phrase, and clarification of a word or phrase. Read aloud, translation, and 

clarification accommodations were provided by the test proctor, who was not permitted to 

provide reinforcement that identified or aided in the identification of the correct response to a 

test item. Students who took the test with accommodations generally had fewer years of U.S. 
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schooling and lower English language proficiency. Models were considered separately for 

students who tested with and students who tested without accommodations on READ to see if 

the differences between these EL subgroups might result in different patterns of prediction 

accuracy across models. The group of ELs who tested with accommodations was much smaller 

than the group who tested without accommodations, so combining these groups might have 

masked important differences. 

The following linear regression models were compared: 

Model 0. One-Year READ  

 Model 0 represented a baseline prediction equation because ELPT scores were not 

included. Instead, a previous year’s READ score was used to predict a current year’s READ 

score. This model is intuitive, especially for English proficient students, because of the high 

correlation between test scores from year-to-year. However, for ELs, this model may not provide 

the same accuracy because of the interaction of English language proficiency with scores on 

academic achievement tests in English. 

Model 1. One-Year ELPT  

For Model 1, student scores on the reading component of ELPT from a single year were 

used to predict performance on READ. The ELPT included reading, writing, listening, and 

speaking components, but after including reading in the prediction models, the other components 

were not found to improve prediction accuracy. Model 1 included two sub-models:  

Model 1a. Using previous year’s ELPT to predict READ  

Model 1b. Using current year’s ELPT to predict READ  
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Model 2. Two-Year ELPT  

For Model 2, student scores on ELPT from two previous years were used to predict 

students’ future performance on READ.  

Model 3. Two-Year ELPT and One-Year READ 

In addition to the predictor variables included in Model 2, this model included students’ 

previous year’s performance on READ.  

The data used to develop the equation coefficients for each model, and the data used to 

evaluate the prediction accuracy of each model, are provided in Table 1.  

Table 1 

Data Used in Model Development and Evaluation 

Model 
Model Development Evaluation of Prediction Accuracy 

Independent 
Variable(s) 

Dependent 
Variable 

Independent 
Variable(s) 

Dependent 
Variable 

Model 0 
2009 grade 7 

READ 
2010 grade 8 

READ 
2010 grade 7 

READ 
2011 grade 8 

READ 

Model 1a 
2009 grade 7 

ELPT 
2010 grade 8 

READ 
2010 grade 7 

ELPT 
2011 grade 8 

READ 

Model 1b 
2010 grade 8 

ELPT 
2010 grade 8 

READ 
2011 grade 8 

ELPT 
2011 grade 8 

READ 

Model 2 

2009 grade 7 
ELPT  

2008 grade 6 
ELPT 

2010 grade 8 
READ 

2010 grade 7 
ELPT  

2009 grade 6 
ELPT 

2011 grade 8 
READ 

Model 3 

2009 grade 7 
READ  

2009 grade 7 
ELPT 

2008 grade 6 
ELPT 

2010 grade 8 
READ 

2010 grade 7 
READ  

2010 grade 7 
ELPT 

2009 grade 6 
ELPT 

2011 grade 8 
READ 
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The prediction accuracy of each model was evaluated in two ways: (1) the classification 

accuracy of students predicted to either “pass” READ or “not pass” READ was evaluated, and 

(2) the predicted READ score means were compared to the observed READ score means. 

Prediction accuracy was compared across models for the total group and by English language 

proficiency level. The ELPT has four proficiency levels with 1 being the lowest level and 4 

being the highest level. Students were classified into the levels based on their most recent ELPT 

score. Prediction accuracy was evaluated separately for students who took READ with 

accommodations and for students who took READ without accommodations. 
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Results and Discussion  

Each prediction equation included a different number of students because the number of 

students with complete data differed. For example, students new to the state had only one year’s 

worth of data. These students were included in Model 1b, but were not included in any of the 

other models where previous year’s scores were included. All models were developed based on 

at least 400 students. Prediction accuracy was evaluated at the total group level and for each 

proficiency level. As indicated in Table 2, some of the proficiency levels contained few students. 

Therefore, the results for these proficiency levels should be interpreted with caution. 

Table 2 

Percentage of ELs at each Proficiency Level 

Accommodated Proficiency 
Level 

Model Comparison* 

Model 1a Model 1b Model 2 Model 3 

Yes 

Level 1 33% 21% 22% 23% 

Level 2 50% 28% 62% 62% 

Level 3 15% 28% 12% 11% 

Level 4 2% 23% 4% 4% 

No 

Level 1 1% 1% 1% 0% 

Level 2 6% 5% 6% 5% 

Level 3 28% 25% 28% 28% 

Level 4 65% 69% 65% 67% 
* Model 0 results are not included because regression coefficients were developed using the 
same data as Model 3. Therefore, the percentages are the same for Models 0 and 3.  
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Correlations 

Correlations between the measures are provided in Table 3 for students who tested with 

and without accommodations. A range of correlations is provided because the correlation was 

calculated for each Model and for both the development and prediction accuracy datasets. The 

correlations for students with accommodations were consistently lower because of the range 

restriction on both measures for this lower-performing group. As expected, the correlation of 

READ with READ and ELPT with ELPT were larger than the correlations of READ with ELPT. 

Table 3 

Correlations of READ and ELPT Scores 

*The correlation was the same within rounding for Models 0 and 3. 

 

 

 

Correlated Variables Accommodated Correlation Range 

Grade 8 
READ 

Grade 7  
READ 

Y 0.38–0.47 

N 0.67* 

Grade 8 
READ 

Grade 8 
ELPT 

Y 0.32–0.37 

N 0.60–0.61 

Grade 8 
READ 

Grade 7 
ELPT 

Y 0.28–0.62 

N 0.58–0.62 

Grade 8 
READ 

Grade 6 
ELPT  

Y 0.32–0.39 

N 0.54–0.56 

Grade 7 
ELPT 

Grade 6  
ELPT 

Y 0.48–0.58 

N 0.65–0.71 
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Regression coefficients, R-squared values, classification accuracy, and mean differences 

are provided in Table 4 for students who took READ with accommodations, and in Table 5 for 

students who took READ without accommodations. 

Table 4 

Prediction Accuracy Results (Accommodated) 

Evaluation 
Analysis 

Proficiency 
Level 

Model Comparison 

Model 0 Model 1a Model 1b Model 2 Model 3 

Regression 
Equation ALL 

R10 = 
0.68(R09) + 
242 

R10 = 
0.98(E09) - 
1 

R10 = 
0.93(E10) - 
26 

R10 = 
0.97(E09) + 
0.11(E08) - 
76 

R10 = 
0.41(R09) + 
0.78(E09) + 
0.09(E08) - 164 

R2 0.22 0.31 0.14 0.32 0.38 

Classification 
Accuracy 

ALL 89.46% 83.21% 87.21% 87.19% 89.70% 

Level 1 96.91% 95.55% 97.86% 96.08% 96.91% 

Level 2 90.49% 84.10% 97.46% 90.68% 91.25% 

Level 3 73.47% 54.78% 87.34% 59.26% 75.51% 

Level 4 77.78% 76.19% 68.13% 66.67% 66.67% 

Mean 
Difference 

ALL 7.84 
(70.87)* 

-1.37 
(75.44) 

-6.79 
(55.16) 

0.23  
(61.67) 

8.24    
(57.80) 

Level 1 31.76 
(57.49) 

-0.76 
(72.50) 

-20.02 
(49.79) 

-8.45 
(66.63) 

0.93    
(44.52) 

Level 2 13.17  
(63.58) 

4.28 
(74.81) 

6.95  
(48.04) 

5.77  
(58.60) 

12.47  
(57.67) 

Level 3 -48.67 
(89.08) 

-19.60 
(78.15) 

-2.56 
(53.02) 

-12.38 
(59.42) 

-6.97   
(69.65) 

Level 4 -45.14 
(81.40) 

-10.66 
(94.41) 

-20.10 
(63.61) 

1.29  
(78.14) 

27.25  
(77.00) 

* Standard deviations are included in the parentheses. 
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Table 5 

Prediction Accuracy Results (Not Accommodated) 

Evaluation 
Analysis 

Proficiency 
Level 

Model Comparison 

Model 0 Model 1a Model 1b Model 2 Model 3 

Regression 
Equation ALL 

R10 = 
0.71(R09) 
+ 258 

R10 = 
0.91(E09) + 
47 

R10 = 
0.91(E10) + 
18 

R10 = 
0.64(E09) + 
0.38(E08) - 25 

R10 = 
0.48(R09) + 
0.33(E09) + 
0.20(E08) + 17 

R2 0.45 0.38 0.36 0.41 0.50 

Classification 
Accuracy 

ALL 78.05% 74.68% 72.25% 74.90% 78.82% 

Level 1 81.19% 79.91% 83.24% 79.29% 75.25% 

Level 2 71.16% 78.54% 80.22% 78.44% 76.35% 

Level 3 66.49% 58.37% 71.98% 61.14% 69.82% 

Level 4 83.32% 81.37% 71.57% 80.59% 82.77% 

Mean 
Difference 

ALL 11.00 
(58.88)* 

1.47   
(66.44) 

3.09   
(63.81) 

2.47   
(63.16) 

7.36    
(55.87) 

Level 1 39.84 
(76.77) 

-53.37 
(134.50) 

-58.36 
(128.15) 

-43.46  
(106.50) 

-20.96  
(81.44) 

Level 2 38.95 
(70.92) 

-0.32  
(75.93) 

-6.83  
(82.38) 

-2.51  
(73.21) 

5.60    
(68.68) 

Level 3 25.89 
(59.34) 

3.61   
(65.45) 

2.14   
(65.95) 

3.77   
(64.14) 

9.88    
(57.67) 

Level 4 2.54 
(55.53) 

1.46   
(64.14) 

5.09   
(59.32) 

2.90   
(60.77) 

6.66 

(53.70) 
* Standard deviations are included in the parentheses.  
 

Regression Coefficients 

Intercepts were always higher for the group who took READ without accommodations, 

indicating that given the same scores on the predictor variables, the predicted READ scores of 

students who took READ without accommodations were higher. For Model 0, the slope 

coefficients were similar for both groups with increases of 100 points on previous year’s READ 

predicting an increase of about 70 points on current year’s READ. For Model 1a, the slope 
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coefficient was slightly higher for the group who took READ with accommodations. For every 

100 points of increase on last year’s ELPT, approximately a 100 score point increase on READ 

was predicted. For those who took READ without accommodations, a 100 point increase on last 

year’s ELPT corresponded to a 90 score point increase on READ. The slope coefficient was very 

similar for Models 1a and 1b. Model 2 included two previous ELPT scores in the prediction of 

READ. For students who took READ with accommodations, the slope coefficient for the most 

recent ELPT predictor was very similar for Model 2 and Model 1a (slope = 0.97). The slope 

coefficient for the less recent ELPT predictor had a very small regression coefficient, which was 

not statistically significant. For students who took READ without accommodations, the slope 

coefficients were somewhat different. The more recent ELPT score still had a higher slope 

coefficient than the less recent ELPT score, but the difference between the two was less 

dramatic. Both slope coefficients were statistically significant.  

For Model 3, the slope coefficient for the previous year’s READ predictor was similar for 

students who took current year’s READ with accommodations and students who took READ 

without accommodations. However, the slope coefficient for the more recent previous year’s 

ELPT predictor was much higher for students who took READ with accommodations (0.78 

versus 0.33 respectively). Also, the slope coefficient for the less recent previous year’s ELPT 

predictor was not significant for students who took READ with accommodations, but it was for 

students who took READ without accommodations.  

Variance Explained  

A comparison of the percentage of variance explained by each model (r-squared) 

indicated that the values were always smaller for the group who took READ with 

accommodations. As noted earlier, this group was lower performing and restriction of range 
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likely accounted for these results. The model with the lowest r-squared was Model 1b for both 

groups and the model with the highest r-squared was Model 3.  

Classification Accuracy 

Classification accuracy was higher for the group who took READ with accommodations 

at the overall group level (ALL) and for proficiency levels 1 and 2; classification accuracy was 

lower for the accommodated group at proficiency level 4. The classification accuracy was fairly 

high at the overall group level for both groups, ranging from 72% to 79% for the 

unaccommodated group, and from 83% to 90% for the accommodated group. Classification 

accuracy varied across ELPT proficiency levels because the group READ mean differed within 

each ELPT level. The farther away the group mean READ score was from the READ cut score, 

the higher the classification accuracy tended to be. For example, the Level 1 group typically had 

high classification accuracy. This was because these students do not know enough of the English 

language to understand the test items on READ. Therefore, nearly all of these students were 

correctly predicted not to pass READ (see Table 6). Likewise, there tended to be high prediction 

accuracy for Level 4. This was because these students have sufficient English reading 

proficiency to take and actually pass READ (see Table 6); therefore, most of them were correctly 

predicted to pass. The closer the group mean was to the cut score, the lower the prediction 

accuracy because the easier it was to obtain false positive and false negative predictions for 

students with READ scores close to the READ cut score. The correlation between the difference 

of the ELPT-level group mean from the cut score and classification accuracy was higher than 

0.90. 
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To facilitate the interpretation of classification accuracy in Tables 4 and 5, the percentage 

of students passing READ is given for each ELPT level and for each model in Table 6. As 

expected, the pass rates at Levels 1 and 2 were very low, but by Level 4 many students were 

passing READ. Also, total group (ALL) pass rates were lower for students taking the test with 

accommodations compared to students taking the test without accommodations. This was also 

expected because the students with accommodations have significant linguistic barriers to 

learning content taught in English and performing on achievement tests. These students also have 

fewer years of education in the U. S.   

Table 6 

Percent Passing Grade 8 READ 2011 
  Proficiency Level 

Model* Accommodated ALL** Level 1 Level 2 Level 3 Level 4 

1a 
Yes 19% 4% 16% 51% 76% 

No 66% 20% 21% 42% 81% 

1b 
Yes 13% 1% 2% 9% 42% 

No 56% 17% 20% 28% 69% 

2 
Yes 14% 4% 9% 41% 67% 

No 66% 21% 22% 42% 81% 

3 
Yes 13% 3% 9% 39% 67% 

No 67% 26% 25% 43% 81% 
* Model 0 results are not included because regression coefficients were developed using the 
same data as Model 3. Therefore, the percent passing is the same for Models 0 and 3.  
** The proportion of students within each proficiency level is not equal (see Table 2). 

 

The other notable finding from Table 6 is that Model 1b had lower pass rates than the 

other models, and the pass rates for the other models were fairly consistent. The reason for this 

difference was that Model 1b included only one year’s worth of data. Both ELPT and READ 

were taken in the same year for this model. Therefore, the data used for Model 1b included 
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students who were new arrivals to the state and possibly to the country. These students often 

have substantial catching up to do in terms of both language and academic proficiency. The other 

models matched a previous year’s test score with the current year’s test score, thereby 

eliminating all of the new arrivals. Therefore, all students in the other models had at least 2 years 

of education and were therefore generally higher performing. The pattern of lower pass rates for 

Model 1b explains the finding in Tables 4 and 5 that Model 1b had higher classification accuracy 

for all but Level 4. Students in the first three levels, on average, were far from the READ cut 

score. 

The largest difference between models was in predicting proficiency Level 3 students. 

For this group of students, using only the previous year’s ELPT scores (Models 1a and 2) 

resulted in relatively low prediction accuracy. However, prediction accuracy was noticeably 

improved by using the current-year ELPT scores (Model 1b) or including the previous year’s 

READ scores (Models 0 and 3). At Level 3, students are generally able to read many grade-level 

materials with some linguistic assistance. Students at this EL proficiency level have enough 

mastery of the English language to understand some of the academic English on READ and are 

scoring close to the cut score. Accordingly, READ scores were often predicted near the READ 

passing cut score, resulting in decreased classification accuracy.  

Prediction Accuracy  

Unlike classification accuracy, the prediction accuracy represented by the mean 

difference was not impacted by the READ cut score. Smaller mean differences indicated higher 

prediction accuracy. Models 1a and 2 had the smallest difference between predicted and 

observed means overall (ALL), but all models provided reasonably high prediction accuracy. 

The model with the highest prediction accuracy varied across the four English language 
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proficiency levels and across the accommodated and unaccommodated groups (see Tables 4 and 

5). However, the baseline model, Model 0, provided relatively low prediction accuracy across 

the English language proficiency levels for both students with accommodations and students 

without accommodations (Level 4 Not Accommodated being the single exception). All models 

provided relatively low prediction accuracy for Level 1 students who took READ without 

accommodations. This is in contrast to the high classification accuracy observed for Level 1 

students. The reason for the discrepancy is that very few Level 1 students passed the READ test. 

As a result, even with large mean differences, they were still predicted (correctly) to score below 

the passing standard. For students in Level 4 who took READ with accommodations, prediction 

accuracy was relatively low for all but Model 2. This pattern may have been caused by the 

relatively small number of Level 4 students who took READ with accommodations (2–4% for all 

but Model 1b). Alternatively, data from Level 4 students may be less accurately modeled 

because of differences between the Level 4 students and students with lower language 

proficiency.  For example, linguistic accommodations are not intended for Level 4 students who 

have sufficient English language skills to access the READ test.  Teachers may have provided 

these students with linguistic accommodations anyway in hopes that the accommodations would 

compensate for students’ low academic skills or unfamiliarity with standardized testing if they 

were new to the country.  Such reasons for providing these students with linguistic 

accommodations are misguided and were not intended by the state.    

For students with lower English proficiency (i.e., Level 1 and Level 2) who took READ 

without accommodations, when predictions were inaccurate, student performance on READ 

tended to be underestimated (students that were predicted to not pass actually did pass). The 

pattern was more obvious for the Level 1 students. There are a few possible explanations for this 
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pattern. It is possible that students who were highly literate in their native language were able to 

leverage those reading skills and perform above the passing standard on READ despite their low 

English proficiency. It is also possible that students were more motivated to perform well on 

READ than on ELPT because ELPT scores do not factor into grade promotion decisions. 

However, these explanations do not account for the over-prediction of pass rates at Levels 3 and 

4. Most likely, students at lower levels of English language proficiency acquired language at a 

rate faster than what the models predicted, and likewise, students at higher levels of English 

language proficiency acquired language at a slower rate than what the models predicted.  

Patterns of over- and under-prediction were not as clear for students who took READ 

with accommodations. This might be a result of the more homogeneous nature of this lower-

performing group. These students are all relatively new arrivals to the state and may be acquiring 

English at a relatively rapid rate. 

Conclusions and Future Research 

The purpose of this study was to investigate the usefulness of using scores from a 

measure of English language proficiency to predict future academic performance. Several linear 

regression models were considered and evaluated based on classification accuracy and prediction 

accuracy. Classification accuracy, although an intuitive evaluation criterion, was highly 

dependent upon the proximity of group means to the cut score. The farther away the group 

performance was from the cut score, the higher the classification accuracy, regardless of model. 

This does not provide a very informative approach for deciding between models when there are 

multiple groups of varying academic proficiency that must all be taken into account.  

Prediction accuracy—evaluated by comparing predicted and obtained scores 

(residuals)—provided a more useful criterion for model comparison. Using this criterion, it 
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appeared that Models 1a, 1b, and 2 provided highly accurate READ predictions for the overall 

group and by ELPT proficiency level. Surprisingly, none of these models contained a previous 

READ score as a predictor, yet they were generally more accurate than Models 0 and 3 which 

did contain previous READ scores. These results suggest that English language proficiency may 

be a more important predictor of future academic achievement for ELs than their previous 

academic achievement. This finding held across EL groups that took READ with 

accommodations and EL groups that took READ without accommodations. However, there may 

be some subgroups for whom these types of prediction models do not work well. For example, 

students in Level 1 of ELPT had less accurately predicted means in this study. 

Another criterion for evaluating models could be the number of students who could be 

included in the prediction equation. Because Models 1a, 1b, and 2 all appeared to produce fairly 

accurate predictions, it might be best to select the model that includes the most students. In this 

case, that would be Model 1b because even students with a single year’s worth of data can be 

included. Model 1a would have the next highest number of students because it requires two years 

worth of data but only a single predictor, and Model 2 would be have the lowest number of 

students because it requires 3 years worth of data.   

Because the EL population is growing and ELs are continuously being reclassified as 

English proficient when they learn English, the students that ended up in these various models 

had different characteristics. Model 1b students included recent arrivals. Model 1a excluded the 

most recent arrivals and excluded those who were classified EL in the previous year, but not in 

the current year, and Model 2 excluded recent arrivals from the past 2 years and excluded anyone 

that transitioned out of EL status within the past 2 years. Therefore, the model results were 

dependent upon the types of students that were used in the generation of the regression equation. 
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Future research could include a more comprehensive set of assessments so that prediction 

equations could be developed and evaluated for additional academic content areas and grade 

levels. Also, the set of prediction equations contained in this study was not exhaustive, and other 

models should be considered. Future models should take into consideration the characteristics of 

the students used to generate the regression coefficients. Other important EL characteristics such 

as years in U.S. schools, previous schooling experience, and proficiency in the native language 

should be considered as covariates. Finally, although the inclusion of writing, listening, and 

speaking components of ELPT was not found to improve prediction accuracy in this study, 

inclusion of these components may be important when predicting performance in different 

content areas.  

Educational Significance 

Evaluating the predictive relationship between performance on English language 

proficiency assessments and tests of content knowledge can serve a variety of educational goals. 

The U.S. Department of Education has indicated a desire for states to develop objective criteria 

for exiting EL students out of special language programs. Understanding the relationship 

between the level of English language proficiency needed for success on academic tests is crucial 

because exiting students from EL services before they reach the necessary language threshold for 

academic success—thus denying them needed language instruction and support—would be 

detrimental to student outcomes.  

Moreover, national EL experts like the ELL Working Group are calling for English 

language proficiency to be factored in when assigning schools accountability ratings based on 

tests of academic content (Working Group, 2010). During the NCLB era, accountability started 

to be based off both status achievement models and growth models. The inclusion of both 
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models is likely to continue in the Common Core era and beyond. Therefore, understanding the 

relationship between English language proficiency and success on academic achievement tests is 

pivotal in developing accountability systems that fit the needs of the EL population.  

Studies of the relationship between language proficiency and academic content 

knowledge are useful for other educational and research purposes as well. Examples include 

using the relationship between academic and language tests as part of EL-specific growth 

models, informing standard setting for English language proficiency tests and academic content 

assessments, and improving the validity of score interpretations for EL students. 

Finally, students, parents, and educators need to understand how learning English 

prepares students for meaningful instruction and academic performance in academic subjects 

taught using the English language. In the past, states and districts have assessed and reported 

results separately for these two measures. However, they are conceptually and practically linked 

for students. Methods and measures that combine performance and progress in these two 

connected constructs are critical when planning instructional programs for students. This study 

helps move the field forward in connecting these measures and should help students, parents, and 

educators draw more meaningful information from assessments that have been kept separate in 

the past. 
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